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Development of an agent for discrete cross-section design of planar steel
frames using graph embedding and reinforcement learning
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200 200%200x12 194x150%6x9

250 250%250x12 244x175x7x11

300 300x300x16 294x200x8x12

350 350x350x19 340x250x9x14

400 400x400x22 400x200%x9%19

450 450x450x22 450x200%x9%22
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600 600x600x25 600x250x12%25
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750 750%750%32 750%300x14x28
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1000 | 1000%x1000x36 1000%300%16x28
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