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Name Outmaps Outshape KernelShapes Padding Stride
Input 400,1

Transpose 1,400

Reshape_2 1,1,400

Convolution 16 16,1,400 1,3 0,1 1,1
ReLU

MaxPooling 16 16,1,200 1,2 0,0 1,2

Convolution_2 10 10,1,200 1.3 0,1 11
RelLU_2

MaxPooling_2 10 5,1,100 1,2 0,0 1,2

Convolution_3 5 5,1,100 1.3 0,1 1,1
ReLU_3

MaxPooling_3 5 5,1,50 1,2 0,0 1,2
Affine 20
RelLU_4 20

Affine_2 3

SotmaxCrossEntropy

®3 AHRER (& FEEE A HERET)
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0 99 | 7 4 91.9% 0 495 5 0 99.0%
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Precision 94.5% | 82.0% | 89.2% |Accuracy|  Precision | 67.0% | 63.7% | 91.8% |Accuracy|
F-Measures |93.2%|83.2% |89.1% | 88.4% | F-Measures |79.9% |59.0%|72.9% | 715%
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Precision 92.2% | 80.5% | 87.5% |Accuracy|  Precision |67.8% | 65.2% | 88.3% |A

F-Measures | 92.4% | 80.4% | 87.5% | 86.8% F-Measures | 80.1% | 60.1% | 72.6% | 718%
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2 14 109 | 877 87.7% 2 65 133 | 302 60.4%
Precision 90.7% | 79.5% | 87.0% |Accuracy| Precision 72.5% | 69.3% | 86.0% |Accuracy
F-Measures | 90.2% | 79.6% | 87.3% | 85.7% F-Measures |83.1% | 67.8% | 71.0% | 74.7%
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0 890 | 101 9 89.0% 0 497 2 1 99.4%
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Precision 88.8% | 80.2% | 87.3% |Accuracy|  Precision 65.6% | 67.5% | 89.5% |Accuracy
F-Measures | 88.9% | 79.5% | 88.0% | 85.5% F-Measures |79.0% | 63.0% | 67.8% | 71.0%
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Name Outmaps Outshape KernelShapes Padding  Stride
Input 400,1
Reshape_2 1,400,1
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