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ChatGPT as Al that elicits adaptations from humans, Al without common sense
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In-context learning

« KEWRIREZEBETILLLMZRWTHRDOZEITI BRI,
EFILDINSGA—F=ZFAEIT DR, DT HRBIX
DH=ERH U CRIEDREZISE DA,

— SNIFTEDT—FIHESNTUDMBEEEE I X Y& A
BT ICBR.
- B FEDEH R
N[t Al S EE Rl o r0-shot, One-shot, Few-shot
— GoT (Chain of Thought: BE m:&E$H)

e
Zero-shot (BIIRXLT) WERRDERTSD

The model predicts the answer given only a natural language
description of the task. No gradient updates are performed.

Translate English to French: task description

cheese => prompt

-
N




e
One-shot 1 DIETREN®S5X 3

In addition to the task description, the model sees a single
example of the task. No gradient updates are performed.

Translate English to French: task description
sea otter => loutre de mer example
cheese => prompt
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In addition to the task description, the model sees a few
examples of the task. No gradient updates are performed.

Translate English to French: task description
sea otter => loutre de mer examples
peppermint => menthe poivrée

plush girafe => girafe peluche

cheese => prompt
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- Classmer Input Classifier Output

Classifier Output

T. B. Brown, D. Mané, A. Roy, M. Abadi and J. Gilmer/Neural Information Processing Systems 2017
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